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Key points
•

The data sources that could be used to measure the public health impact of wildfire smoke include a
range of healthcare utilization and other data, such as pharmaceutical dispensations, physician
visits, emergency department visits, hospitalizations, and all-cause mortality.

•

Respiratory data sources are well suited for surveillance and real-time monitoring of the health
impacts that occur during fire events, based on strength of association, accessibility, and timeliness.

•

As new research emerges on the sensitivity of health surveillance systems, cardiovascular outcomes
may be valuable to assess immediate health response to fire smoke exposure.

•

Mild to moderate measures of health effect, such as dispensations of asthma medications and
respiratory-related physician visits, may provide the timeliest measurement of an effect, and show
the greatest effect, allowing for easier detection using surveillance methods.

•

Ad hoc surveillance systems may be suitable for rare events, but regions that experience seasonal
wildfires should establish ongoing surveillance systems using validated methods. An established
surveillance system could provide useful information in real-time as well as information for
evaluation of interventions and potentially facilitate research on the long-term health effects of
chronic seasonal smoke exposure.

•

Baseline (historic) data and demographic characteristics of regions will provide important
information for model-building and assessing regional vulnerability to smoke exposure.

•

Improved ways of measuring and forecasting air pollution concentration may boost the
performance of models used for public health surveillance of forest fire smoke.

•

More research is needed to define clear objectives and develop best practices, including use of
suitable data, syndrome definitions, and methods development and validation.

Evidence Gaps
•

More development and evaluation of surveillance systems in this area, including acquisition of
suitable data, is needed in all areas strongly affected by wildfire smoke exposure. More
sophisticated methods may be required to link the exposure and health data, simultaneously model
health outcomes, and incorporate baseline and vulnerability data. Technical expertise will be useful
in collaboration with those working in public health, to develop useful, feasible systems capable of
accurate surveillance and potentially forecasting.

•

While we can make some assumptions around the relative utility of potential data sources with
respect to their acuity and sensitivity or specificity, exploration of real surveillance data will be
necessary and it may differ by setting, given potential differences in population characteristics and
exposure patterns.

•

If more sophisticated integrated surveillance systems are desired, then more advanced methods
may need to be proposed and evaluated. Proposal and evaluation of potential methods are needed
in order to link the exposure data to the health outcome data, to integrate multiple data streams
simultaneously, and to incorporate measures of vulnerability at various spatial scales.

•

It is not yet clear how to best approach surveillance in settings with limited data. Environmental
monitoring or exposure predictions may be used to predict health effects based on known
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demographic characteristics. Such systems could be validated using manual chart review in regions
with frequent fires.
•

Surveillance systems could potentially be used for intervention evaluation, and this goal should be
considered while developing systems. More research is needed to determine how this could
proceed.

•

Surveillance systems could also potentially collect data to aid in research on long-term exposure to
investigate relationships with chronic health outcomes. Likely this would be particularly valuable in
regions with regular exposure and potentially even prescribed burns. Research in this area may
become increasingly important if wildfire seasons continue to increase in severity and length due to
climate and land use changes.

•

Forecasting is a key objective of many surveillance systems. Forecasting health effects of smoke
exposure could provide key information for estimating health care utilization needs and planning
response interventions. However, development of forecast models that accurately predict health
effects based on environmental forecasts and historical outcomes will require focused effort and
resources to develop, test and evaluate.

•

Ad hoc systems can be useful in the absence of established surveillance systems. The most useful
methods of just-in-time health surveillance have not been established. However, some methods of
ad hoc surveillance are likely to be more effective than others. Recording and sharing lessons from
development of ad hoc smoke health effects surveillance is one way to improve future systems.
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1. Introduction
Wildfires occur throughout the world and have direct and indirect impacts among human populations.
Wildfire smoke can travel far from the original source, causing adverse respiratory and other health
effects over broad geographic areas. Effects are especially strong in individuals with pre-existing comorbidities, such as asthma or other chronic lung diseases. Scientists have shown that climate change
and land use changes are leading to an increase in the frequency and severity of wildfires (1). While
there is a substantial amount of research showing the negative acute health effects of smoke 1, as well as
a growing amount suggesting long-term effects, few public health bodies engage in regular surveillance
of smoke-related health effects. There is a need for a better understanding of the measures of health
outcomes that could be used during smoke events to monitor population-level health impacts and guide
interventions and emergency response.
1.1 Objective
The objective of this report is to determine, through a thorough literature review, which measures of
health impact are most useful for real-time surveillance of the health effects from wildfire smoke. The
relevant measures will be summarized and discussed in terms of their availability, timeliness, cost, and
the strength of the association.
2. Methodology
There is a strong body of literature estimating the epidemiological health effects of wildfire smoke,
generally using surveillance type data sources such as emergency department (ED) visits or all-cause
mortality, but surveillance systems using these data for surveillance of these health effects in real-time
have not been documented in the literature. Therefore, in order to identify and discuss the measures
most likely to be informative for surveillance, we (1) reviewed the relevant epidemiological literature
thoroughly and (2) identified smoke-related health surveillance in order to report on their systems, by
contacting authors and discussing details of their current surveillance systems and future plans. We
reviewed studies that used health outcomes data, from dispensations of asthma medications to allcause mortality, to estimate the magnitude of the effect on the population during smoke events, and we
considered the utility of these measures in monitoring and informing emergency response. Further
details on the methods and results of this literature search can be found in Appendix A, including
inclusion and exclusion criteria. We focused on studies from Canada, the United States, Europe, and
Australia as these regions have data and healthcare infrastructure that are fairly similar to those
available in Canadian public health settings. Studies from Europe and Asia generally show comparable
results, although the exposure severity has been higher in parts of Asia than is routine in North America
and Australia (2).

1

Throughout this document, the word smoke is used to refer to smoke produced from wildfires
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3. Results
This section will summarize the main findings from the literature search, starting with a discussion on
the types of data typically used in these epidemiological papers, and the potential sources for these
health data. We classify the commonly used types of data into those measuring mild, moderate, or
severe health outcomes and discuss their relative utility in terms of timeliness, cost, availability, and the
strength of the association between smoke and the measured health outcome. Finally, we discuss the
potential for using these data for burden estimation and forecasting, which are important aspects of
public health surveillance, as well as how measures of population susceptibility from other data sources
may enhance the potential surveillance models using these health data.
This literature search revealed that wildfire smoke is known to have a range of health effects from eye
irritation to an increase in all-cause mortality, and that respiratory health effects are often the focus of
epidemiological studies. The respiratory health outcomes often show the strongest effects, particularly
those related to asthma and chronic lung disease (3) and therefore are an important focus for public
health response. Studies showing that population exposures to particulate matter (PM) from urban
sources (such as traffic) are correlated with cardiovascular outcomes (such as myocardial infarction).
However, many studies investigating cardiovascular outcomes and wildfire smoke exposure report a
weak and often insignificant association (4–7). More detailed information on the acute and chronic
health impacts of wildfire smoke can be found in review on Health Effects of Smoke.
The objective of surveillance is to provide information in (near) real-time to inform public health
decisions. Surveillance requires suitable input data, appropriate methods for data analysis, expert
knowledge to interpret the analysis and use it for information to guide decision making. Each
surveillance application area may have a different focus; for example, infectious disease surveillance is
often primarily concerned with aberration detection – alerting when the incidence of a given disease (or
proxy measure for incidence of a disease) passes an established (statistical or substantive) threshold. In
the context of public health surveillance for wildfire smoke exposure, outbreak detection is not the
primary goal as the precipitating event (a wildfire) is known to occur or not occur. A surveillance system
here would be useful to estimate the magnitude of the health effects of smoke on populations, provide
situational awareness in real time and inform public health intervention. Once a system exists that
regularly collects exposure data (e.g., particulate matter concentrations in the air) and links it to health
outcomes data (e.g., respiratory physician visits), these data could be used retrospectively for
intervention evaluation. For example, the magnitude of the health effect preceding and following an
intervention could be compared to help assess whether the action had a positive impact on public
health. The objectives of a surveillance system in this relatively unique application area will be
emphasized throughout this report while summarizing the potential measures of health impact that
could be used to develop such a system and inform emergency response.
3.1 Data sources
Surveillance data for real-time assessment of health impacts during wildfire smoke events may be
obtained from primary data collection, existing surveillance systems, or repurposing of data collected for
other functions. In much of the literature examining health effects from wildfire smoke, particularly that
which is more than ten years old, primary data collection through the manual abstraction of medical
records was used to evaluate health outcomes. More recently, electronic administrative data are used.
Manual primary data collection is not generally a sustainable or economically realistic way to do
surveillance, as it would be costly and time-consuming, lack baseline information, and is subject to
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quality concerns and human error. However, if no other data are readily available during an acute event,
manual collection may be necessary. If data are already collected by a government agency for vital
statistics or billings, it is more efficient to repurpose these data through a data sharing agreement with
the agency. These types of data are referred to as syndromic surveillance data, because they provide
timely information on the syndromes associated with a condition without measuring that condition
explicitly (8). Because these data are not directly measuring the health effects of interest, but rather are
acting as a proxy measure, they will contain more random variation and extraneous trends. For example,
ED records have been reviewed in some studies to identify respiratory or cardiovascular visits according
to International Classification of Disease (ICD) code (9). Electronic administrative data of ED records
have been used more frequently in recent years, as this does not require the labor associated with
manual chart abstraction. In some jurisdictions, medical billings collected by public medical plans are
available and can be used by public health departments for the purposes of surveillance.
There are now a wide range of administrative data used for the purpose of surveillance, that vary from
measuring relatively mild health effects to relatively severe health effects. Examples, in order of
increasing severity, include phone logs to nurse help lines, pharmaceutical dispensation data, physician
visits, ambulance call out records, ED visits, hospital admissions, and mortality. General data, such as
hospitalizations or mortality, can be classified by chief complaint or cause of death, narrowing the focus
from all-cause to more specific measures like respiratory hospitalization or cardiovascular mortality.
Using an all-cause definition will provide a larger dataset and potentially more statistical power for an
analysis, but using a specific definition (e.g., respiratory) should provide a more focused measure of the
health effect of interest.
Systems developed prior to fire smoke events have the advantage of validated data streams, historical
baselines and method. Lead time allows for more sophisticated estimation of excursions, established
reporting mechanisms, and evaluation.
For example, scientists at BCCDC Environmental Health Services established the British Columbia
Asthma Medication Surveillance (BCAMS) in 2012 (10). BCAMS provides near real-time surveillance of
exposure and health outcomes to local health authorities to provide situational awareness for public
health and emergency management decision-making. This system uses three exposure estimates:
measured PM2.5 (particulate matter less than 2.5 µm in aerodynamic diameter) from 85 monitoring
stations distributed throughout the province, estimated PM2.5 from an empirical model that covers all
populated areas of BC (11) and forecasted PM from the BlueSky Western Canada Wildfire Smoke
Forecasting System (12). Currently the health outcome reported is daily dispensations of salbutamol
sulfate from 89 local health areas. Salbutamol is a medication used to alleviate exacerbations of
obstructive lung disease and dispensations have been shown to increase rapidly and significantly during
fire smoke episodes in British Columbia (13). Excursions from the expected number of daily
dispensations are identified by Public Health Intelligence for Disease Outbreaks (PHIDO) using an
algorithm adapted from one originally developed for infectious diseases. PHIDO uses iterative regression
to identify excursions beyond the 95th (unusual), 99th (rare) and 99.5th (very rare) percentiles of the
expected daily distributions. Physician visits have also been shown to be associated with fire smoke
episodes in BC (14) and are currently being integrated into the BCAMS system. An evaluation of an
earlier iteration of BCAMS found it to be acceptable and useful for medical health officers responding to
minor fire smoke events (15)(Elliott, unpublished data). The current BCAMS incorporating PHIDO
algorithm, empirical PM estimates and BlueSky forecasting remains to be tested in an active fire season.
If a smoke surveillance system is not established then a pre-existing surveillance system could be used
during a smoke episode. For example, two studies by the same primary author in North Carolina, USA
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used existing public health surveillance data on respiratory ED visits to perform epidemiological studies
on the health effects of wildfire smoke. Data from any other surveillance system monitoring relevant
health outcomes could feasibly be used to establish situational awareness of smoke health effects (16,
17). Because health outcomes responsive to smoke include respiratory syndromes, and potentially
cardiovascular ones, existing surveillance systems that obtain data for other purposes, such as influenza
could be shared for these purposes, provided that there is legal authority to do so. While most states or
provinces do not currently have a pre-existing surveillance system in place for wildfire smoke health
effects, public health departments could plausibly rapidly establish data sharing agreements during
smoke events.
3.2 Data attributes
In order for data to be suitable for ongoing surveillance, they need to be available at a high temporal
resolution (e.g., daily counts), they should be reasonably sensitive and specific, and suitable methods for
their analysis should be proposed and evaluated using historical data. In a surveillance context,
sensitivity refers to a measure revealing a health effect when in fact one exists, and specificity refers to a
measure not revealing a health effect when one does not exist (i.e., a low rate of false positives and
false negatives). Wildfire smoke health surveillance is a challenging research area methodologically
because (i) it benefits from exposure data linked to health outcomes data, and (ii) it may have a small
individual effect but a large public health impact because entire populations are exposed during fire
events. It can be difficult to disentangle the health effect from random variation in the data. There is a
relationship between the severity of an effect and the anticipated signal strength. For example, in
specific-cause mortality data, all individuals in the data represent the measure of interest (mortality),
although the cause of death may or may not be related to the exposure (18). In contrast, when relying
on less severe measures of effect such as asthma medication dispensations, some individuals are
experiencing an acute health effect necessitating refill of their prescription, while others may be refilling
for other reasons, such as prior to a vacation. Therefore, less severe measures are expected to have a
stronger signal (more individuals will refill a prescription due to an acute respiratory response to smoke
exposure than will pass away due to smoke exposure), but less severe measures are also expected to
contain more extraneous variation (noise). However, while this is expected theoretically, it is worth
noting that each dataset is unique and this may not always be the case with any true data stream. These
are issues to assess when selecting and evaluating measures for surveillance.
3.3 Data accessibility and cost
Cost and timely availability of data are important considerations for assessing health effects in real time
during wildfires smoke events. In Table 1, the final column (data access method) describes how data
were obtained, either by manual abstraction (e.g., from medical records), through administrative data
(e.g., collected by a third party and made available to researchers), or through a pre-existing surveillance
system where data sharing agreements are already in place. Manual data abstraction has proven useful
for research, but it has several limitations for ongoing surveillance. The cost could be prohibitive, the
timeliness would likely be poor (it may take days or even longer before data were available for analysis),
and there could be concerns about maintaining consistent quality over time. Most epidemiological
studies on smoke and health, particularly those in the last decade, have used secondary data collected
by a government body such as a federal, state, or provincial statistical agency or a via a public or private
health care system such as a public health insurance system. Repurposing existing secondary data into a
real-time surveillance and monitoring system is much more cost-effective and efficient than primary
data collection. Provided that such databases exist, the barrier is establishing an agreement with the
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appropriate government bodies to share data at a timely rate. This has proven possible, for example,
with dispensation and physician visit data in BC. Once a system is established, further data sharing
agreements can be negotiated to evaluate new health data streams.
In this report, the focus was on acute measures of health impact that are useful to inform emergency
response. However, there are peripherally related research areas that study the chronic effect of PM
exposure. For example: any-cause PM associations with health, including traffic and residential wood
burning (19); particular sub-populations of interest, such as respiratory cancer rates in wildland
firefighter cohorts (20–27); risk of low birth weight among pregnant women exposed to wildfire smoke
(28); and impact of wildfire smoke on children (29). These measures are not useful for short-term
surveillance, but measurement of chronic exposure is an important public health issue. Wildfires are
increasing in frequency and severity due to climate change. Some parts of the world are affected by
wildfires not only occasionally, but in fact the exposure is essentially chronic with longer, more severe
fire seasons each year in fire prone regions (1). A surveillance system developed to monitor health
effects in the short-term may also provide some useful data for studying the longer-term effects of
repeated or chronic exposure to smoke on populations.
3.4 Measures of mild health effects
Measures of mild health effects are useful for real-time health surveillance during wildfire smoke events
because such effects tend to exhibit relatively quick onset and, although not severe in terms of
outcome, they affect a larger proportion of the population than some more severe or chronic outcomes.
Health effects that may be considered mild include dispensations of over-the-counter or prescription
pharmaceuticals, calls to nurse health help lines, and online web searches. The mild health effect used
most often in this research area is pharmaceutical dispensations of medications such as salbutamol
sulphate, which is used to treat acute respiratory distress common among people with asthma and
other obstructive lung diseases (10, 13). Dispensation data have been shown to be strongly associated
with health outcomes during wildfire events (10, 13), and reveal a relatively minor (but common) health
effect. Mild but acute health effects are likely to appear sooner after exposure than the more severe
health outcomes such as hospitalizations or death. In any surveillance system, timeliness of effect
detection is important. The limitation of dispensation data is that they may contain a great deal of
random variation and noise, as people with asthma and related diseases likely refill asthma medications
for many reasons, often preemptively, and in fact may opt to refill their prescriptions based on public
health warnings before and during wildfires. This reverse-causation is also an issue in modeling the
smoke-health relationship if analysts are using these input data to provide forecasts.
3.5 Measures of moderate and severe health effects
Moderate measures of health effect include physician and ED visits, either all-cause visits or those
specific to relevant outcomes including respiratory, cardiovascular, ocular, and psychological. These
visits are generally identified through ICD codes, though there are limitations to relying on these codes
as there is variation in disease classification practices. Alternative approaches, such as free text searches
of presenting complaints across a range of symptoms, may be preferable, although this may also require
additional data preparation steps. The most commonly used moderate and severe outcomes are related
to respiratory conditions such as respiratory-related medical visits or admissions (17, 30–38). Measuring
ocular or psychological symptoms is less common (3, 39). While mild measures of health effect occur
faster and more frequently during a wildfire event, the moderate and especially severe measures of
health effect may provide a more precise measurement of the impact that the smoke is having on
populations. For example, individuals visiting an emergency department for asthma exacerbation are
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likely in distress, and therefore ED visits may provide a more precise estimate as compared to
prescription dispensations.
Severe measures of health effect may be more precise than moderate measures, revealing the most
serious potential implications of acute exposure to high levels of PM in the air, such as hospitalizations
and deaths. These measures only occur when there is some precipitating reason for a severe respiratory
or cardiovascular health event, and therefore an otherwise unexplained spike in severe outcomes could
be more easily attributed to wildfire smoke exposure during fire events, assuming confounding variables
are taken into account. Some data may specify the actual cause of death or cause of the health event,
such as respiratory hospital admissions or respiratory related mortality versus all-cause admissions or
mortality. These data may provide a more precise measure specific to smoke exposure. The relative
precision and timeliness of the different measures has not been well established in the literature, and it
is important that the proposed data and methods be compared and evaluated before assuming these
possible trends will hold. As well, there are temporal patterns that can confound these relationships; for
example, heat waves often occur concurrently with wildfire season, and can independently cause
respiratory health effects (17, 40) and death (41, 42). Using syndromic surveillance data, analysts and
public health officials can never be entirely certain that observed patterns are due to any one specific
cause, but can use models to control for known confounding variables and make probabilistic
predictions. Exploring more sophisticated methodological approaches may also facilitate better
surveillance; this will be discussed further in sections 3.7 and 4.0.
3.6 Burden estimation and forecasting
The mild, moderate, and severe measures of health effect differ in their utility for surveillance.
Measures of mild effects would likely provide a more timely and widespread effect. Measures of more
severe outcomes could contain less random variation and noise, although this would need to be
investigated for each real surveillance dataset. The most severe outcomes may not have sufficient
signal, due to low absolute numbers of events, to be detected (43). Moreover, it may be difficult to
separate the small increase in mortality risk from the confounded relationship with heat-related
mortality.
There are also other important considerations for the use of these data in informing emergency
response. In the epidemiological studies reviewed for this report, the goal of each study was essentially
to measure the magnitude of the association between exposure and one or more health outcomes.
Burden estimation is a useful component of surveillance, where public health officials may be interested
in the magnitude of the impact that the smoke is having on the population in real time. However,
estimating the causal effect that an exposure (wildfire smoke) has on a health outcome is a complex
epidemiological problem that is beyond the scope of routine surveillance. It requires careful
consideration of exposure measurement, control for confounding variables, selection of individuals or
population into the study, and exploration of variables that modify the effect measure between the
exposure and the outcome, as all of these could affect the validity of the results. Exploring these issues
in-depth are beyond the scope of this report but are routinely considered in epidemiological studies that
aim to measure this effect (31, 44). For example, as mentioned earlier, temperature is a common
confounder in time-series analyses, as heat waves can also cause respiratory effects and can frequently
coincide with wildfire season (45). In some places, flu season can overlap with wildfire season, and flu
season notably increases respiratory healthcare utilizations.
Measuring smoke exposure is a very complex task, as it is costly and impractical to directly measure
individual level exposure across a population, and therefore some ecological measure is generally used
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as a proxy (11). This has inherent limitations because it increases the risk of misclassification, and many
studies use a combination of exposure measurements, such as air quality monitors and satellite imagery,
to increase the accuracy of the exposure measurement (6). A comprehensive review of smoke exposure
measures can be found in another review in this series (refer to review on Smoke Surveillance). Some
studies have investigated effect modifiers such as pre-existing comorbidities, finding that individuals
with asthma and other lung diseases are more susceptible to the effects of wildfire smoke on their
health; in other words, the increased risk of a negative outcome given an increase in smoke exposure is
higher in these individuals than in the general population (16). Which measures of health effect are best
suited for burden estimation depends on the focus of the public health department and, to some
degree, on the characteristics of the population (see section on population susceptibility). In general,
less severe outcomes may provide more timely detection whereas more severe may be a more precise
measure of the health effect of smoke exposure.
Forecasting health outcomes is another very relevant issue for informing emergency response. In the
context of wildfire smoke, short-term forecasting of health effects (e.g., 24 or 48 hours) could provide a
reasonable picture of the anticipated burden, given the existing levels of exposure in the population.
Health officials are often interested in forecasting as part of a surveillance system, as it allows them to
plan interventions in advance. In the case of wildfire smoke exposure, health officials may issue public
health warnings, encouraging individuals with certain medical conditions to limit activity and reduce
their risk of a negative outcome, and they may develop evacuation plans in case the exposure becomes
very high. Having a sense of what is likely to come in the following days is very useful in this context.
Forecasting the health effects of smoke exposure could be performed based on modeling the historic
trends in the relationship between environmental data and health outcomes, both during periods of
smoke exposure (smoke events) and periods of no exposure (to provide baseline data). The choice of
which health measure to forecast will again relate to the focus of the public health setting, although
respiratory health effects are likely a plausible choice, given that they show the strongest health effects
and may be the most timely as well (3, 46). It may be useful to have a range of severity of health effects
(low, moderate, high) so that estimated effects across various severity levels can be approximated.
Sophisticated methods may be required to obtain sufficiently accurate forecasts in this area; partly
because there are no gold standard health outcome data (no equivalent to laboratory-confirmed cases
used in validation of infectious disease surveillance systems). The healthcare utilization data typically
used as a proxy measure of health effects caused by wildfire smoke exposure contains extraneous noise
and variation that must be carefully modeled, in addition to the temporal and spatial correlation. If
forecasts of the exposure are available (e.g., particulate matter measurements, temperature), these
could be used to potentially increase forecast accuracy and precision. Details on modeling and
forecasting exposures are addressed in more detail in the review on Smoke Surveillance.
3.7 Surveillance process and methods
Building a surveillance system using syndromic surveillance data often requires use of more
sophisticated methods to disentangle the health effect of interest (the signal) from the extraneous
effects depicted by the data (the noise). The general process of surveillance in the context of an acute
environmental exposure goes from data collection to analysis to interpretation to public health action.
Each stage has necessary inputs and required expertise. As previously mentioned, data collection for
surveillance can be done via automated abstraction from various data systems facilitated with data
sharing agreements or mandatory reporting. Analysis requires expert knowledge from methodologists
with expertise in statistics, epidemiology, and informatics; historical data are necessary to build and
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evaluate proposed methods, prior to putting a system online for use in real-time monitoring.
Interpretation also requires technical expertise and expert knowledge on the nature of the exposure and
health outcomes. Existing surveillance systems, such as regular surveillance of respiratory health effects
or air quality and health monitoring, can further contextualize the interpretation (47).
Stakeholders such as decision makers in public health settings will need access to the output from
surveillance systems, and in turn can provide insight and context. It is desirable to have standard
training and protocols for use of these systems at different sites across a region. For example, having
minimum data standards and comparable data elements will allow stakeholders to compare system
performance and possibly collect data on the effectiveness of interventions. This could eventually lead
to intervention evaluation – to determine what public health actions, and when, result in the best public
health outcomes, which could be a next step after the development of well-evaluated surveillance
systems. These systems could also facilitate monitoring of long-term effects of repeated acute
exposures, collecting consistent data over years or decades.
3.8 Population susceptibility and vulnerability
Another component of real-time surveillance and emergency response is the impact of population
characteristics. Refer to the review on Health Effects of Smoke for more details on vulnerability. In a
surveillance context, it may be of interest to obtain some measures of population-level susceptibility to
the health effects of smoke, including baseline health and demographic data. For example, Cal Fire has
identified vulnerable communities based on a measure of risk for the occurrence of nearby wildfires, as
well as distance from the flames (48). Those with asthma or other lung diseases have been shown to be
more strongly affected by smoke than those without these conditions (16, 32, 34, 49). The prevalence of
asthma and chronic obstructive pulmonary disease (COPD) in the population may provide additional
information, and could potentially explain geographic patterns in the effect of smoke if some areas have
a greater burden of disease than others. However, this data is often difficult to obtain at small spatial
units. Age has been shown to modify the effect of smoke on health, with older adults more likely to
experience a negative health effect, although this could also be influenced by the prevalence of disease,
as older adults also more commonly are afflicted with conditions such as COPD (5, 17, 50). Basic
demographic data like age and sex distributions are often obtainable from government agencies. The
more relevant population characteristics available, the more variation in health effects across space and
time can be explained. It would likely be straightforward in most public health settings to obtain
characteristics of populations, such as disease prevalence and age distributions per geographic unit.
Historical data on exposure and health outcomes will also provide important context to the specific
public health setting.
4. Gaps
The surveillance framework is a clear gap in this literature – there are many epidemiological studies
demonstrating the health effects of smoke in various capacities, and researchers and those working in
public health have called for research into surveillance system development (10, 13, 30, 51). Several
communities are currently exploring descriptive surveillance, following measures of healthcare
utilization over time during fire seasons and making comparisons to measures of exposure. For example,
the San Diego County Public Health Services has retrospectively investigated ED visits during the 2007
wildfire season using the pre-existing BioSense Surveillance system (52). BCAMS provides on-going
monitoring of both exposure and health outcomes (salbutamol dispensations).No implementation of a
real-time monitoring and forecasting system that links exposure and health outcomes data has been
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proposed in the literature, although there is ongoing work in BC towards better exposure assessment
and development of forecasting systems.
There are also methodological gaps in using surveillance to inform public health response during smoke
events. While some sites have access to suitable data available to provide real-time surveillance and
forecasting, and there is established epidemiological evidence that wildfire smoke is a harmful public
health exposure, suitable, well-validated methods do not yet exist. This is a challenging surveillance
application area for several reasons. The exposure is a large-scale environmental phenomenon that
varies rapidly over space and time and is affected by many factors, such as meteorological variables
(temperature, wind). Estimating individual-level exposure for epidemiological purposes is not
straightforward, and there currently are no gold standards for exposure measurement. The exposure
data also need to be linked to the health outcomes data, and the most straightforward surveillance and
forecasting models do not readily allow modeling the relationship between covariate data and outcome
data (e.g., autoregressive integrated moving average (ARIMA) models), although more sophisticated
extensions could facilitate this. The relative health effect of interest is likely quite small, in spite of the
absolute public health effect being large, necessitating more sophisticated methods to disentangle the
health effect from the random or extraneous variation. For example, simultaneously modeling the
multiple health outcomes could provide more information than modeling each data stream separately,
but multivariate time-series methods are not trivial to implement. There is a great deal of correlation
structure (temporal, spatial, and multivariate) inherent in these data, and harnessing this correlation to
provide additional information may be necessary to accurately monitor and forecast.
Computational issues are also important to surveillance methodology. Complex models require fast
computation so that results are available at a high temporal resolution. Serious consideration to
parameter estimation approaches, such as Markov-Chain Monte-Carlo methods implemented in a
hierarchical Bayesian framework, where correlation between data streams and over time can be more
easily modeled. There is also a need for development and thorough evaluation (validation) of suitable
methods, potentially with the aid of simulation studies, so that characteristics of the data and model
specifications can be evaluated across a range of plausible scenarios. This will likely require considerable
technical expertise from those trained in epidemiology, statistics, and informatics.
5. Summary and Conclusions
This paper has summarized the measures of health effect that are available for use in a public health
setting for real-time surveillance, and discussed each measure with consideration of relative timeliness,
precision, availability, and cost. Burden estimation and the utility of these measures for forecasting are
also relevant considerations discussed, and are elaborated in the other evidence reviews. Wildfire
smoke has been shown in numerous epidemiological papers, many of which have been reviewed here,
to have negative acute health effects on human populations. These effects have been found across a
wide range of study designs and in drastically different settings from North America to Asia. The
respiratory effects appear to be more prevalent relative to other effects such as cardiovascular.
Mild health effects may allow public health officials to detect a health effect faster, assuming the lag
period between exposure and outcome is shorter on average in, for example, asthma attacks versus
mortality. However, these mild health effects data may contain a great deal of random variation and
noise, posing a methodological challenge in modeling. Having historic data to provide baseline measures
during periods of exposure and periods of no exposure to build and validate models will be very
important. In order to inform emergency response, timeliness is crucial. In order to develop surveillance
models for these data, knowing that the absolute increase in risk is relatively small and that the data will
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contain a lot of noise, complex methods may be needed. For example, time-series methods that allow
for inclusion of covariates to remove confounding variables and account for temporal correlation via
random effects (e.g., generalized linear mixed models). Hierarchical methods that combine multiple data
streams to simultaneously model the health outcomes as arising from common covariates (multivariate
models) may allow for faster, more accurate detection and forecasting, although these methods are
sophisticated and will require considerable statistical expertise and computational resources (53). This is
an ongoing research area in wildfire smoke and health surveillance.
Each measure of health outcome discussed in this report reveals a different angle of the overall health
impact that wildfire smoke has on human populations, and each measure has benefits and limitations.
When it comes to monitoring acute public health impacts and informing emergency response, timeliness
is crucial. Therefore, data that are readily available in (near) real-time are likely the best candidates for
this task. Repurposed data collected by government agencies on pharmaceutical dispensations,
physician and emergency room visits, and all- and specific-cause mortality are likely some of the best
indicators of the effect of wildfire smoke on public health.
A first step towards developing a surveillance system in this area is data access, and it will be useful for
public health agencies to develop data sharing agreements with government and industry, where new
data are available in real-time or at least provided on a daily basis. It will be useful as well to gather
relevant baseline health data, such as prevalence of diseases such as asthma and COPD at a reasonable
spatial resolution (e.g., local health areas in BC), and demographic information such as age and sex
distributions, and any other relevant vulnerable groups. These data should be fairly straightforward to
obtain as compared to the real-time health data, as demographic and population prevalence health data
do not generally change rapidly over time; annual averages should be sufficient. Finally, while the data
are a crucial resource in the development of a surveillance system, the modeling of these data is unlikely
to be trivial, and simplistic models will likely not provide enough information or precision to really guide
intervention strategies. It will be important for researchers to work alongside public health officers in
the design, development, and evaluation of these models.
5.1 Summary points for public health decision making
•

Epidemiological studies have shown a clear public health impact from exposure to wildfire smoke,
and those working in public health have acknowledged a need for the development of surveillance
systems for monitoring and forecasting these health impacts in near real-time.

•

Surveillance using descriptive epidemiology of exposure and health outcomes data is already
performed in some areas, including BC and California. Current best practices in public health and
smoke surveillance include near real time simultaneous daily reporting of health outcomes and
environmental exposures. Excursions from expected outcome counts are identified using statistical
analysis of deviations from predictive models based on historical trends.

•

It is critical to have historical baseline data for building and validating surveillance models in this
area, such as year-round exposure and health outcome data, to properly model seasonality and
identify excursions from established trends.

•

Public health surveillance of health effects associated with an environmental exposure is inherently
different from that of infectious disease, but some ideas and tools from infectious disease
surveillance may facilitate further development of surveillance systems in this area; for example,
time-series methods from traditional (e.g., ARIMA models) to newer approaches (e.g., machine
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learning methods such as neural networks; hierarchical modeling, potentially using Bayesian
methods to ease the computational burden of parameter estimation).
5.2 Recommendations for public health decision making
•

Standard guidelines are not currently developed for surveillance of health effects of wildfire smoke.
Development of best practices could aid in system evaluation and collaboration between public
health settings. Further consideration is needed to: (1) define clear surveillance objectives, (2)
define syndromes, (3) develop health and environmental data streams, (4) develop models to
identify meaningful excursions from baseline, and (5) facilitate forecasting of the health outcomes.

•

While surveillance will increase situational awareness for communities that experience fires, the
role and effectiveness of surveillance for informing public health action will need to be evaluated.
Trigger points (ranges) for public health actions should be set, tested and evaluated. The
surveillance data could play a role in surveillance system evaluation retrospectively (e.g., pre-post
analyses to determine if health outcomes appeared to improve after the intervention as compared
to before). Further understanding of the relationship between duration and intensity of exposures
and magnitude and character of excursions in health outcomes data will be required to inform
trigger points for action.

•

Ad hoc systems of surveillance are useful when established systems are not available, and may be
most appropriate for situations which occur infrequently. Because wildfires occur with seasonal
regularity in many regions, developing an established surveillance system and validating the efficacy
of the system over time could provide faster, more accurate information in real-time, provide useful
forecasting of the health effects, and facilitate system and intervention evaluations.
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Table 1. Summary of key papers, sorted by primary author
Source

Location

Study
design /
approach

2

Health outcomes
measured

Exposure measure

Outcome data source

Strength of
associations

Data access
method

Analitis,
Georgiadis &
Katsouyanni
2012 (50)

Athens,
Greece

Ecologic,
time-series

Mortality – all
natural causes
(non-accidental),
cardiovascular
causes,
respiratory
causes

Black smoke;
number/size/duration of
fires

Provided by Hellenic
Statistical Authority

Increase in allcause,
cardiovascular, and
respiratory
mortality,
respectively, for
large fires:
49.7% (95% CI:
37.2, 63.4)
60.6% (95% CI:
43.1, 80.3)
92.0% (95% CI:
47.5, 150.0)

Administrative
database

Chen, Verrall
& Tong,
2006 (35)

Brisbane,
Australia

Ecologic,
time-series

Respiratory
hospital
admissions

PM10 monitoring
stations

Routinely collected data
provided by
Queensland
Department of Health
(ICD-9 and ICD-10)

RR range: 1.11–1.16

Administrative
database

Crabbe 2012
(4)

Darwin,
Australia

Ecologic,
time-series

Respiratory
hospital
admissions

PM10 monitoring
stations, 1 day lag

Routinely collected,
provided by Northern
Territory Government’s
Department of Health
and Community
Services

RR=1.025 (CI:
1.000, 1.051)

Administrative
database

2

Not exhaustive of all papers reviewed and included in report. See references for full list of all relevant papers included. Reference list is separated by key epidemiology study
papers and supplemental references.
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Location

Study
design /
approach

Delfino 2009
(5)

California,
USA

Aggregate
time-series

Duclos,
Sanderson &
Lipsett 1997
(30)

California,
USA

Elliott,
Henderson
& Wan,
2013 (13)

Hänninen et
al. 2008 (18)

Source

Health outcomes
measured

Strength of
associations

Data access
method

Exposure measure

Outcome data source

Respiratory
hospital
admissions
(asthma, acute
bronchitis, COPD,
pneumonia)

PM2.5 monitoring
stations, remote sensing

California State Office of
Statewide Health
Planning and
Development

Respiratory
RR=1.03 (CI: 1.01,
1.05),
Asthma RR=1.05
(CI: 1.02, 1.08)

Administrative
database

Pre-post
study with
individual
covariates

ED visits for
respiratory illness
including
infectious; eye
irritation; anxiety
and panic
reactions

Exposed was defined as
during a 2.5 week fire
event period, and
unexposed was defined
as other time periods
prior to and after these
events

Emergency room
records were abstracted
over a 2 ½ week period
during a severe fire
period, and two
reference periods

Risk ratio = 1.4, 1.3
for visits related to
asthma and COPD
respectively

Manual
abstraction

British
Columbia,
Canada

Time-series,
metaregression

Pharmaceutical
asthma reliever
dispensations

Per 10 μg/m in PM2.5
during fire season

Routinely collected data
by the BC Ministry of
Health via their
PharmaNet program for
prescription
pharmaceuticals

Fire season RR=1.06
(CI: 1.04, 1.07)

Administrative
database

Finland

Ecologic,
time-series

All-cause
mortality

Eight PM2.5 and PM10
monitoring stations,
estimated background
PM removed

Additional mortality
estimated based on
WHO reported
increases in risk
associated with PM

Relative risk for
daily mortality (RR)
varied between
0.8% and 2.1% per
additional 10
3
mg/m of PM2.5
exposure in the
various regression
model calculated

Publicly
available
mortality data
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Source

Location

Study
design /
approach

Health outcomes
measured

Exposure measure
3

Hanigan,
Johnston, &
Morgan
2008 (36)

Darwin,
Australia

Ecologic,
time-series

Respiratory
hospital
admission

Increase of 10 μg/m in
same-day estimated
PM10

Henderson
et al. 2011
(6)

British
Columbia,
Canada

Populationbased
cohort,

Respiratory
physician visits
and hospital
admissions

Per 30 μg/m PM10
monitoring stations,
dispersion model,
remote sensing

Johnston et
al. 2002 (44)

Darwin,
Australia

Ecologic

Asthma ED visits

Per 10 μg/m PM10

Johnston et
al. 2007 (49)

Darwin,
Australia

Casecrossover

Respiratory
hospital
admission

Johnston et
al. 2011 (45)

Sydney,
Australia

Timestratified
casecrossover
design

Non-accidental
mortality
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Outcome data source

Strength of
associations

Data access
method

Routinely collected,
provided by Northern
Territory Government’s
Department of Health
and Community
Services (ICD-9 & ICD10)

4.81% (CI: -1.04, 11.01) increase in
all respiratory
admissions

Administrative
database

3

Routinely collected data
provided by the
provincial health
services plan (Medical
Services Plan MSP via
BC Ministry of Health)

Physician OR=1.05
(95% CI: 1.03, 1.06)
Hospital OR=1.15
(95% CI: 1.00, 1.29)

Administrative
database

3

Data extracted from
hospital records using
ICD-9 codes

Rate ratios:
Overall: 1.20; 95%
CI: 1.09, 1.34
When PM10>40
3
μg/m : 2.39; 95%
CI: 1.46, 3.90

Manual
abstraction

Per 10 μg/m PM10
monitoring stations

3

Data collected and
provided by Royal
Darwin Hospital using
ICD-10

OR=1.08 (CI: 0.98,
1.18)

Manual
abstraction

PM10>99
percentile=smoke event,
1 day lag

Routinely collected
Australian Bureau of
Statistics ICD-9 & ICD-10

Smoke events
associated with 5%
increase in nonaccidental mortality
at a lag of 1 day
OR=1.05 (CI: 1.00–
1.10)

Administrative
database
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Study
design /
approach

Health outcomes
measured

Strength of
associations

Data access
method

Department of Health in
NSW, ICD-9 & ICD-10

OR total=1.06
(CI: 1.02, 1.09)
OR COPD=1.13 (CI:
1.05, 1.22)
OR Asthma=1.12
(CI: 1.05, 1.19)

Administrative
database

Routinely collected data
provided by the
provincial health
services plan (Medical
Services Plan MSP via
BC Ministry of Health)
ICD-9

Increases between
46%–78%
above 10-year
mean rates

Administrative
database

Per 10 μg/m PM10

3

New South Wales
Department of Health
provided data on
hospital admissions,
ICD-9 & ICD-10

Asthma increased
5.02% (CI: 1.77,
8.37),
COPD 3.80% (CI:
1.60, 6.26)
All respiratory
1.24% (CI: 0.22,
2.27)

Administrative
database

During fire episodes
(exposed) vs. same time
previous year
(unexposed) in the same
region

Retrospective
abstraction of medical
records from a local
medical center, ICD-9

“During the weeks
of the wildfire,
medical visits for
respiratory illnesses
increased by 217
visits (from 417 to
634 visits, or by
52%) over the
previous year.”

Manual
abstraction

Source

Location

Martin et al.
2013 (37)

Sydney,
Newcastle
and
Wollongong,
Australia

Timestratified
casecrossover

Respiratory
hospital
admissions (total,
COPD, asthma)

PM10 > 99 percentile =
smoke event

Moore et al.
2006 (39)

British
Columbia,
Canada

Ecologic

Respiratory
physician visits
(acute)

Exposed during 3-week
fire period

Morgan et
al. 2010 (38)

Sydney,
Australia

Time-series,
individuallevel
covariates

Respiratory
hospital
admission (total,
asthma, COPD)

Mott et al.
2002 (7)

Hoopa,
California
USA

Pre-post
ecologic
study

Medical visits at a
medical centre
for respiratory
health
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Source

Location

Study
design /
approach

Health outcomes
measured

Exposure measure

Outcome data source

Strength of
associations

Data access
method

Rappold et
al. 2011 (17)

North
Carolina,
USA

Ecologic,
time-series

ED visits (asthma,
COPD,
pneumonia/
acute bronchitis)

Exposed/unexposed
counties, remote
sensing

NC Disease Event
Tracking and
Epidemiologic
Collection Tool, a
statewide, public health
surveillance system:
NCDETECT, ICD-9

RR for asthma=1.65
(CI: 1.25, 2.1);
COPD=1.73 (CI:
1.06, 2.83),
pneumonia=1.59
(CI: 1.07, 2.34)

Pre-existing
surveillance
system

Smith et al.
1996 (34)

Western
Sidney,
Australia

Pre-post
ecologic
study and
ecologic
time-series

ED visits for
asthma

PM10 monitoring
stations

Retrospective
abstracting of medical
records

Proportion of all ED
visits due to asthma
during fire period
vs. control
period=0.0067
(95% Cl: -0.0007,
0.0141)

Manual
abstraction

Tham et al.
2009 (51)

Victoria,
Australia

Ecologic,
time-series

Respiratory
hospital
admissions and
ED visits

PM10 monitoring
stations & Airborne
Particle Index (API)

Daily hospital data from
the Victorian
Department of Human
Services ED visits (the
Victorian Emergency
Minimum Dataset);
admitted to a public or
private hospital (the
Victorian Admitted
Episodes Dataset) with
a discharge. ICD-10

PM10 and daily
respiratory ED
attendances in
Melbourne
RR=1.018, 95% CI:
1.004, 1.033

Administrative
database

Rappold et
al. 2012 (16)

North
Carolina,
USA

Ecologic

Asthma ED visits

Per 100 μg/m PPM2.5
smoke forecasting
model

NC Disease Event
Tracking and
Epidemiologic
Collection Tool, a
statewide, public health
surveillance system:
NCDETECT, ICD-9

Excess RR=66% (CI:
28, 117)

Administrative
database
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Study
design /
approach

Health outcomes
measured

Source

Location

Vedal &
Dutton 2006
(43)

Denver,
Colorado
(and
neighboring
counties as
control
group)

Ecologic,
time-series

All-cause
mortality (nonaccidental)

Residence (during fire
vs. control
period/location)

Yao et al.
2013 (10)

British
Columbia,
Canada

Ecologic,
time-series

Salbutamol
dispensations,
asthma related
physician visits

30μg/m increase in
PM2.5 monitoring
stations, forecast model,
remote sensing
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Exposure measure

3

Outcome data source

Strength of
associations

Data access
method

Data were obtained
from the Colorado
Health Information Data
set, compiled by the
Health Statistics Section
of the Colorado
Department of Public
Health and
Environment. ICD-10

No effect found or
reported

Administrative
database

Routinely collected data
by the BC Ministry of
Health, Medical Services
Plan and prescription
pharmaceuticals plan
(PharmaNet) ICD-9

Salbutamol
dispensations: 8%
increase
Physician visits: 5%
increase

Administrative
database

19

References 3
1. Flannigan M, Stocks BJ, Wotton B. Climate change and forest fires. Science of the Total Environment.
2000;262(3):221-9.
2. Heil A, Goldammer J. Smoke-haze pollution: a review of the 1997 episode in Southeast Asia. Regional
Environmental Change. 2001;2(1):24-37.
3. Finlay SE, Moffat A, Gazzard R, Baker D, Murray V. Health impacts of wildfires. PLoS Currents. 2012;4.
4. Crabbe H. Risk of respiratory and cardiovascular hospitalisation with exposure to bushfire
particulates: new evidence from Darwin, Australia. Environmental Geochemistry and Health.
2012;34(6):697-709*.
5. Delfino RJ, Brummel S, Wu J, Stern H, Ostro B, Lipsett M, et al. The relationship of respiratory and
cardiovascular hospital admissions to the southern California wildfires of 2003. Occupational and
Environmental Medicine. 2009;66(3):189-97*.
6. Henderson SB, Brauer M, MacNab YC, Kennedy SM. Three measures of forest fire smoke exposure
and their associations with respiratory and cardiovascular health outcomes in a population-based
cohort. Environmental Health Perspectives. 2011;119(9):1266*.
7. Mott JA, Meyer P, Mannino D, Redd SC, Smith EM, Gotway-Crawford C, et al. Wildland forest fire
smoke: health effects and intervention evaluation, Hoopa, California, 1999. Western Journal of
Medicine. 2002;176(3):157-62*.
8. Henning KJ. Overview of syndromic surveillance. What is syndromic surveillance. MMWR Morbidity
and Mortality Weekly Report. 2004;53(Suppl):5-11.
9. O'Malley KJ, Cook KF, Price MD, Wildes KR, Hurdle JF, Ashton CM. Measuring diagnoses: ICD code
accuracy. Health Services Research. 2005;40(5p2):1620-39.
10. Yao J, Brauer M, Henderson SB. Evaluation of a wildfire smoke forecasting system as a tool for public
health protection. Environmental Health Perspectives. 2013;121(10):1142-7*.
11. Yao J, Henderson SB. An empirical model to estimate daily forest fire smoke exposure over a large
geographic area using air quality, meteorological, and remote sensing data. Journal of Exposure
Science and Environmental Epidemiology. 2013.
12. Sakiyama S. The bluesky Western Canada wildfire smoke forecasting system. Victoria, BC: British
Columbia Ministry of Environment, 2013.
13. Elliott CT, Henderson SB, Wan V. Time series analysis of fine particulate matter and asthma reliever
dispensations in populations affected by forest fires. Environmental Health. 2013;12(1):11*.
14. Yao J. Evaluation of the BlueSky smoke forecasting system and its utility for public health protection
in British Columbia. Vancouver, BC: University of British Columbia; 2012.
15. Elliott CT. unpublished data. 2014.

3

Key epidemiology studies reviewed for measures of health impact are marked with an * after the page numbers. Others are
supplemental references.

Evidence Review: Health surveillance for wildfire smoke events

20

16. Rappold AG, Cascio WE, Kilaru VJ, Stone SL, Neas LM, Devlin RB, et al. Cardio-respiratory outcomes
associated with exposure to wildfire smoke are modified by measures of community health.
Environmental Health. 2012;11(1):71*.
17. Rappold AG, Stone SL, Cascio WE, Neas LM, Kilaru VJ, Carraway MS, et al. Peat bog wildfire smoke
exposure in rural North Carolina is associated with cardiopulmonary emergency department visits
assessed through syndromic surveillance. Environmental Health Perspectives 2011;119(10):141520*.
18. Hänninen OO, Salonen RO, Koistinen K, Lanki T, Barregard L, Jantunen M. Population exposure to
fine particles and estimated excess mortality in Finland from an East European wildfire episode.
Journal of Exposure Science and Environmental Epidemiology. 2008;19(4):414-22*.
19. Laumbach RJ, Kipen HM. Respiratory health effects of air pollution: update on biomass smoke and
traffic pollution. Journal of Allergy and Clinical Immunology. 2012;129(1):3-11*.
20. Adetona O, Dunn K, Hall DB, Achtemeier G, Stock A, Naeher LP. Personal PM2.5 exposure among
wildland firefighters working at prescribed forest burns in southeastern United States. Journal of
Occupational and Environmental Hygiene. 2011;8(8):503-11.
21. Liu D, Tager IB, Balmes JR, Harrison RJ. The effect of smoke inhalation on lung function and airway
responsiveness in wildland fire fighters. American Review of Respiratory Disease. 1992;146:1469-73.
22. McMahon CK, Bush PB. Forest worker exposure to airborne herbicide residues in smoke from
prescribed fires in the southern United States. American Industrial Hygiene Association Journal.
1992;53(4):265-72.
23. Miranda AI, Martins V, Cascão P, Amorim JH, Valente J, Borrego C, et al. Wildland smoke exposure
values and exhaled breath indicators in firefighters. Journal of Toxicology and Environmental Health,
Part A. 2012;75(13-15):831-43.
24. Reinhardt TE, Ottmar RD. Baseline measurements of smoke exposure among wildland firefighters.
Journal of Occupational and Environmental Hygiene. 2004;1(9):593-606.
25. Reinhardt TE, Ottmar RD, Hanneman AJ. Smoke exposure among firefighters at prescribed burns in
the Pacific Northwest. Portland, OR: US Department of Agriculture, Forest Service, Pacific Northwest
Research Station, 2000.
26. Reisen F, Brown SK. Australian firefighters' exposure to air toxics during bushfire burns of autumn
2005 and 2006. Environment International. 2009;35(2):342-52.
27. Rothman N, Ford DP, Baser ME, Hansen JA, O'Toole T, Tockman MS, et al. Pulmonary function and
respiratory symptoms in wildland firefighters. Journal of Occupational and Environmental Medicine.
1991;33(11):1163-7.
28. Holstius DM, Reid CE, Jesdale BM, Morello-Frosch R. Birth weight following pregnancy during the
2003 southern California wildfires. Environmental Health Perspectives. 2012;120(9):1340-5.
29. Künzli N, Avol JW, Gauderman WJ, Rappaport JM, Bennion J, McConnell R, et al. Health effects of the
2003 Southern California wildfires on children. American Journal of Respiratory and Critical Care
Medicine. 2006;174(11):1221-8*.
30. Duclos P, Sanderson LM, Lipsett M. The 1987 forest fire disaster in California: assessment of
emergency room visits. Archives of Environmental Health: An International Journal. 1990;45(1):53-8.

Evidence Review: Health surveillance for wildfire smoke events

21

31. Lee T-S, Falter K, Meyer P, Mott J, Gwynn C. Risk factors associated with clinic visits during the 1999
forest fires near the Hoopa Valley Indian Reservation, California, USA. International Journal of
Environmental Health Research. 2009;19(5):315-27*.
32. Lipsett M, Hurley S, Ostro B. Air pollution and emergency room visits for asthma in Santa Clara
County, California. Environmental Health Perspectives. 1997;105(2):216-22*.
33. Jalaludin B, Morgan G, Lincoln D, Sheppeard V, Simpson R, Corbett S. Associations between ambient
air pollution and daily emergency department attendances for cardiovascular disease in the elderly
(65&plus; years), Sydney, Australia. Journal of Exposure Science and Environmental Epidemiology.
2005;16(3):225-37.
34. Smith MA, Jalaludin B, Byles JE, Lim L, Leeder SR. Asthma presentations to emergency departments
in western Sydney during the January 1994 bushfires. International Journal of Epidemiology.
1996;25(6):1227-36*.
35. Chen L, Verrall K, Tong S. Air particulate pollution due to bushfires and respiratory hospital
admissions in Brisbane, Australia. International Journal of Environmental Health Research.
2006;16(03):181-91*.
36. Hanigan IC, Johnston FH, Morgan GG. Vegetation fire smoke, indigenous status and cardiorespiratory hospital admissions in Darwin, Australia, 1996–2005: a time-series study. Environmental
Health. 2008;7:42*.
37. Martin KL, Hanigan IC, Morgan GG, Henderson SB, Johnston FH. Air pollution from bushfires and
their association with hospital admissions in Sydney, Newcastle and Wollongong, Australia 1994–
2007. Australian and New Zealand Journal of Public Health. 2013;37(3):238-43*.
38. Morgan G, Sheppeard V, Khalaj B, Ayyar A, Lincoln D, Jalaludin B, et al. Effects of bushfire smoke on
daily mortality and hospital admissions in Sydney, Australia. Epidemiology. 2010;21(1):47-55*.
39. Moore D, Copes R, Fisk R, Joy R, Chan K, Brauer M. Population health effects of air quality changes
due to forest fires in British Columbia in 2003. Canadian Journal of Public Health - Revue canadienne
de santé publique. 2006;97(2):*.
40. Kilbourne EM. The spectrum of illness during heat waves. American Journal of Preventive Medicine.
1999;16(4):359-60.
41. Anderson BG, Bell ML. Weather-related mortality: how heat, cold, and heat waves affect mortality in
the United States. Epidemiology (Cambridge, Mass). 2009;20(2):205.
42. Kovats RS, Hajat S, Wilkinson P. Contrasting patterns of mortality and hospital admissions during hot
weather and heat waves in Greater London, UK. Occupational and Environmental Medicine.
2004;61(11):893-8.
43. Vedal S, Dutton SJ. Wildfire air pollution and daily mortality in a large urban area. Environmental
research. 2006;102(1):29-35*.
44. Johnston FH, Kavanagh AM, Bowman D, Scott RK. Exposure to bushfire smoke and asthma: an
ecological study. Medical Journal of Australia. 2002;176(11):535-8*.
45. Johnston F, Hanigan I, Henderson S, Morgan G, Bowman D. Extreme air pollution events from
bushfires and dust storms and their association with mortality in Sydney, Australia 1994-2007.
Environmental research. 2011;111(6):811-6*.

Evidence Review: Health surveillance for wildfire smoke events

22

46. Henderson SB, Johnston FH. Measures of forest fire smoke exposure and their associations with
respiratory health outcomes. Current Opinion in Allergy and Clinical Immunology. 2012;12(3):221-7.
47. Vancouver Coastal Health. 2013 Health Watch (air quality). Vancouver, BC: VCH, 2013; 83 (Dec).
Available from: http://www.vch.ca/media/Health_Watch_December_2013.pdf.
48. CalFire. Fire hazard severity zone re-mapping project Sacramento, CA: Fire and Resource Assessment
Program; 2014 [March 15, 2014]. Available from: http://frap.fire.ca.gov/data/frapgismapssubset.php.
49. Johnston FH, Bailie RS, Pilotto LS, Hanigan IC. Ambient biomass smoke and cardio-respiratory
hospital admissions in Darwin, Australia. BMC Public Health. 2007;7(1):240*.
50. Analitis A, Georgiadis I, Katsouyanni K. Forest fires are associated with elevated mortality in a dense
urban setting. Occupational and Environmental Medicine. 2012;69(3):158-62*.
51. Tham R, Erbas B, Akram M, Dennekamp M, Abramson MJ. The impact of smoke on respiratory
hospital outcomes during the 2002–2003 bushfire season, Victoria, Australia. Respirology.
2009;14(1):69-75*.
52. Johnson J, Ginsberg M, French N, Thelen B, Koziol B. Use of syndromic surveillance information for
expanded assessment of wildfire disaster. Online Journal of Public Health Informatics. 2013;5(1).
53. Dominici F, Zanobetti A, Zeger SL, Schwartz J, Samet JM. Hierarchical bivariate time series models: a
combined analysis of the effects of particulate matter on morbidity and mortality. Biostatistics
(Oxford, England). 2004;5(3):341-60.

Evidence Review: Health surveillance for wildfire smoke events

23

Appendix A: Details of search strategy for obtaining relevant literature
Inclusion criteria
•

Epidemiologic studies that investigate the health outcomes of wildfire smoke exposure

•

Case studies from jurisdictions that have used health surveillance data (e.g., Australia)

•

All study designs will be included: most are ecological-level time-series studies; there is one cohort
study and a small number of other designs such as case-crossover

•

Some measure of health impact must be used

•

Should cover the entire population and not be based on specific groups (e.g., wildland firefighter
cohort studies will be excluded because they focus on chronic exposure and long-term health
outcomes like cancer rates, not suitable for acute effect surveillance)

•

Must focus on wildfire or wildfire smoke exposure

Exclusion criteria
•

Special-topics will be excluded (e.g., firefighter cohorts; perinatal outcomes will be excluded as they
are not useful for measuring acute effect in real-time)

•

Papers discussing only measures of exposure (smoke) and not health outcomes (studies focusing on
exposure measurement but still including a health outcome will be included)

•

Review papers will be used to identify additional relevant papers but will not be explicitly included

•

Papers studying particulate matter (PM) exposure that is not specific to wildfires will be excluded

•

Papers investigating the effect of wildfire smoke on air quality without measure of health effect will
be excluded

Databases
PubMed, Google Scholar, Cinahl, and several specific journals in environmental health (Environmental
Health, EcoHealth, Environmental Health Perspectives, Int J of Environmental Health Research,
International Journal of Environmental Research and Public Health)
Search terms
Wild fire smoke OR wildfire smoke OR bushfire smoke OR wildland/wild land fire smoke OR landscape
fire smoke AND health OR respiratory OR cardiovascular OR ocular
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Quality Assessment
Papers were assessed for quality under the following considerations:
•

Published in peer-reviewed journals

•

Epidemiological studies with exposure measurement (smoke exposure) and outcome measurement
(health outcomes) explicitly explained

•

Some measure of health effect is provided (e.g., risk ratio, odds ratio)

•

Study design is explicitly or implicitly provided

•

Confounders (individual or ecological, e.g., temperature) are mentioned or discussed

Most studies in this area are ecological-level time-series analyses, which means they do not have
individual-level covariates measures. There are few individual-level covariates which truly are
confounders, as most (e.g., individual-level smoking status) are not associated with the exposure;
however, they could be effect modifiers. All studies in this area measure the exposure ecologically. At
least some discussion of residual confounding and measurement error is expected.
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